
Kyselá, Ščasný, Zvěřinová, 2018  DRAFT – PLEASE DO NOT CITE OR DISTRIBUTE 

 

Perceived effectiveness of climate change mitigation 

policies 

 
 
Eva Kyselá* 
Charles University, Environment Centre & Faculty of Arts; Prague, Czech Republic 
 
Milan Ščasný 
Charles University, Environment Centre; Prague, Czech Republic 
 
Iva Zvěřinová 
Charles University, Environment Centre; Prague, Czech Republic 
 
 

Abstract 
People are more willing to support or accept policies that they personally consider to be effective. This 

observation has been confirmed by plenty of empirical studies. Yet, perceived effectiveness is a tricky 

variable – possibly very diverse, often very vague, sometimes very specific and with very limited 

possibility to compare across countries or policies. If positive policy attitudes can be enhanced by 

communication of policy effectiveness and policy benefits, we should learn more about what people 

actually perceive as effective and why. The presented study summarizes results from a comprehensive 

literature review on studies examining perceived policy effectiveness as a determinant of positive 

evaluations of climate change mitigation policies in general and taxes specifically. Additionally, we 

perform own empirical study to assess determinants of perceived policy effectiveness of six different 

instruments (performance standards, subsidies, taxes, ETS, removal of harmful subsidies, and 

information provision) to achieve the 80% GHG emission reduction by 2050 at the EU, by interviewing 

in total of 4,098 survey participants from the Czech Republic, Poland, and the United Kingdom. 

According to our review, perceived environmental effectiveness and effectiveness in reaching the 

proposed goals (including behavioural change) are important to positive policy evaluations. Other 

effects, however, may be more important to voters than environmental effectiveness in specific context 

or for specific policies. As evidenced in our three-country survey, evaluations of effectiveness of the 

six different policy instruments are based on a diversity of social-psychological characteristics, except 

of assigning responsibility to the state, there is no other factor common to six different policy 

instruments across the three national samples. Statistically significant effects show a great variability, 

likely mirroring different country-specific situations and concerns and instrument-specific 

considerations. Therefore, no simple blueprint recommendations considering communication of 

policy effects and benefits are likely to be effective. Rather, policies should be formulated and 

communicated within targeted strategies considering specific situation and context, although common 

formulations of different kinds of effective would help to cumulate and compare results. 
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Introduction 
In general, policies have many diverse traits, from the key ones, such as what policy instrument or 

core principle is applied, to details such as the official name or specific projects funded by policy 

revenues. While policy experts often have a clear idea about the importance of different policy 

characteristics, with effectiveness in given criteria being on the top, citizens do not have to evaluate 

policy proposals the same way experts do. The seeming details, such as provision of information about 

the policy, may have a substantial impact on policy attitudes and perceptions of other characteristics 

of the policy at hand.  Perceived policy characteristics, however, has so far not been explored in detail. 

Research is needed particularly with respect to what factors are related to subjective perceptions of 

policy characteristics and their role in existing and emerging theoretical models of policy attitudes.  

The goal of this study is to summarize existing results on perceived effectiveness and to identify the 

dominant factors related to perceived effectiveness, and to explore the possible variability of 

significance of these factors across a diversity of climate change mitigation policies. The key question 

of this study is whether perceived policy effectiveness is based on the same factors across policies and 

countries. The study does not aim to confirm a specific theoretical model. Rather, it explores whether 

common factors or patterns are present in public perception of policy effectiveness.  

Public perception is explored on representative samples of the public in Poland, the United 

Kingdom, and the Czech Republic. The factors hypothesised to be related to the perception of policy 

characteristics were formulated and measured based on the Value-Belief-Norm theory (Stern, 2000; 

Stern, Dietz, Abel, Guagnano, & Kalof, 1999) and the results of a comprehensive literature review 

(Kyselá, 2018; Zvěřinová, Ščasný, & Kyselá, 2014). The study is cross-sectional and correlational in its 

nature; therefore, causal claims cannot be tested. Yet, it points out the role of policy characteristics in 

similar studies and sheds new light on interpretation of existing data.  

The following section reviews literature on associations between policy attitudes and perceived 

effectiveness of climate change mitigation policy in general and taxes in particular. In the Methods 

section, a description of the data collection process and sample characteristics are provided, including 

the handling of missing data and construction of key variables. The dependent variables are analysed 

in two steps. First, differences between those who provided their views and those who did not form 

an opinion or did not know how to answer are discussed. Second, the results of multinomial logistic 

regression models and multivariate probit models of perceived characteristics of six different climate 

change mitigation policies are presented and discussed. 

 

Literature review 

Methods 

A systematic literature review of studies examining factors related to public responses to climate 

change mitigation policies was conducted repeatedly and iteratively from January 2013 to April 2017. 

164 relevant records were selected, including some working papers and other “grey” research outputs. 

The focus of the review was on studies using general or composite measures and studies focusing on 

taxes as a specific domain of climate policy. The purpose of narrowing the focus to a single domain of 

policy instruments is to provide more detailed and contextually based synthesis of the results. 

Reviewing studies of attitudes to mitigation policies in general, on the other hand, provides a 

comparative material with a general focus. The complete review includes empirical studies of general 

publics in Europe, North America, and Australia1 published since 2000 until the beginning of 2017 (few 

highly relevant studies published from 1997 to 2000 were also included). Studies were found by word 

                                                           
1 The decision to narrow the geographical scope of the review was made in consideration of possible language bias in 
reviewing studies from other parts of the world and comparability of economic and political situation of the countries. 



Kyselá, Ščasný, Zvěřinová, 2018  DRAFT – PLEASE DO NOT CITE OR DISTRIBUTE 

search (climate change, policy, support, acceptability, acceptance, attitude) in major scientific databases 

and through references of relevant studies. 

Perceived effectiveness 

Effectiveness in respect to climate change mitigation is naturally a key characteristic of climate 

change mitigation policies. In these terms, effectiveness is predicted by expert models of climate and 

economy and experts usually agree, in broad terms, what policy instruments are more likely effective 

than others. Although the direct and indirect effects on emission reduction (hopefully resulting in 

prevention of an increase of temperature) are the prime concern when proposing and implementing 

policies, various policy instruments have various effects in other domains, most of which can concern 

citizens and their day to day routines.  

First, the behavioural effects of many policies, i.e., providing incentives to change one’s habits and 

behaviours, are an obvious key factor of effectiveness. Second, various side-effects or additional 

benefits (or costs) can be expected, for example effects of fuel taxes on transport density and 

infrastructure, increase in local air quality as a consequence of emission reduction, normative changes 

in what people think is right to do, and impacts in related sectors of economy2.  

In these and other regards, policy effectiveness can affect the evaluation of specific policies. In what 

follows, different measures of policy effectiveness as used in the existing research and related results 

are overviewed with the aim to establish what role(s) does the subjective evaluation of policy 

effectiveness play in formation of policy attitudes. 

Probably the most straightforward way to measure the effectiveness of a mitigation strategy is to 

calculate the temperature increase the policy would prevent or an annual percentage reduction in GHG 

emissions. However, this may be too abstract for respondents to imagine. For example, many people 

do not know what consequences are associated with an increase of 2 °C. Similar way is to state the 

improvement in environmental quality (e.g., air quality - Dietz & Atkinson, 2010). In both cases, 

respondents have their own ideas of current environmental quality and its possible deterioration. 

Perceived effectiveness can therefore be affected by respondents’ perception of climate change risk 

and their problem awareness.  

Thus, perceived policy effectiveness likely reflects also other individual beliefs. Jaensirisak, 

Wardman, and May (2005) used a sequence of binary choice questions to elicit preferences for road 

pricing policies. They also focused on environmental improvement and tested a hypothesis that those 

who perceived pollution as a serious problem would have higher values of the environmental 

improvement variable. Yet the coefficient was insignificant. This led the authors to conclude that the 

interpretation of ‘substantial improvement’ may vary across individuals, which supports the idea that 

individual beliefs play an important role in assessing policy effectiveness.  

Some authors use a specific example of climate change impact, such as forest loss in a certain 

national park in the US (Layton & Levine, 2003) to limit the respondents’ imagination and focus them 

on a specific problem. But such approach also limits the generalisation of results. Another interesting 

way is to explore respondents’ own ideas of possible climate change impacts on nature, them, and their 

family or neighbourhood, or different sectors of economy etc. and then use these ideas in the 

experiment for the mitigation effectiveness attribute or measure (Cameron & Gerdes, 2007; Lee & 

Cameron, 2008), e.g., with two or three levels (no, full and/or partial prevention of respondents’ 

anticipated impacts). 

These measures are not common and the easiest way to assess mitigation effectiveness and the 

most prevalent one as well is asking respondents how likely they believe the policy is to mitigate, 

reduce, or tackle climate change or reduce emissions with no specification of the amount of such 

reductions or any quantification or indicators of the effect.  

                                                           
2 Longo, Markandya and Petrucci (2008) for example designed two attributes specific for energy policy: length of 
shortages of power supply and number of employed in the energy sector. 
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In almost all reviewed studies using such measures, perceived effectiveness had a statistically 

significant positive effect on attitudes toward taxes (Brännlund & Persson, 2012; Dreyer & Walker, 

2013; Kallbekken & Sælen, 2011; Kim, Schmöcker, Fujii, & Noland, 2013; Tobler, Visschers, & Siegrist, 

2012). Perceived effectiveness of reducing air pollution also had a statistically significant positive 

association with attitudes toward fuel taxes. The study by Rosentrater and colleagues (2013) is a 

solitary exception with mixed evidence – aggregated perceived effectiveness of regulation policies 

(including taxes on fossil fuels) had a direct statistically significant positive effect on positive attitude 

toward engineering approaches (such as putting more dust in the atmosphere, largely replacing fossil 

fuels with nuclear energy, and others). But aggregated effectiveness of other policy approaches, 

namely engineering approaches and indirect solutions (funding research, increasing energy efficiency 

etc.) had no statistically significant effect on attitudes toward other classes of policies. This could be 

indicative of two things – that perceived effectiveness is not always an important factor or that the 

survey measures used to assess it are not in line with the principles of compatibility3.  

The results concerning secondary policy effects are scarce, but in overall suggest that people 

account for other effects of the proposed policy too. Brännlund and Persson (2012) and Cole and 

Brännlund (2009), for example, included attributes for effects of unspecified climate change policy on 

the development of environmentally friendly technologies and on awareness of climate change among 

the Swedish population. A positive effect of the proposed policy on development of environmentally 

friendly technologies had a perceived benefit for respondents leading to more positive policy 

evaluations.  

Similarly, the key purpose of environmental taxes is to provide incentives for changing individual 

and corporate behaviours. Effectiveness in this respect was an important explanatory factor in 

Hammar’s and Jager’s (2006) study of attitude toward gasoline taxes among Swedish citizens. Those 

respondents who believed gasoline taxes to be effective in changing people’s behaviour were more 

likely to form positive attitudes toward it. Similarly, an expected positive effect on behaviour of other 

people increased the likelihood of respondents having positive attitudes towards taxation of fuel in 

Norway (Kallbekken & Sælen, 2011). On the other hand, Eriksson, Garvill, and Nordlund (2006) report 

no statistically significant effect of expectation that others will reduce car use on attitudes toward 

transportation pricing measures, including taxation.  

The question whether other effects may be more important for voters than environmental 

effectiveness remains to be answered. Moreover, due to the variety of definitions and measurement of 

policy effectiveness, it is hard to reach any conclusion on what policy results in terms of the timing, 

geographical or social target (e.g., air quality in cities, better public transport etc.), and extent are 

important and what is the relationship between perceived policy effectiveness and one’s own self-

efficacy or effort (not only financial, but also behavioural) to improve this effectiveness. Exploring the 

reasons for what citizens see as effective and why is another important task for future research. 

Moreover, perceptions of policy effectiveness in climate change mitigation are linked to other 

policy-specific factors, such as revenue use and fairness. Earmarking and higher levels of perceived 

policy fairness may increase perceived policy effectiveness. Similar to what Dresner and colleagues 

(2006) learned from focus groups on green tax reform, Sælen and Kallbekken (2011) concluded that 

the demand for earmarking is a result of concern about environmental effectiveness of taxes. Taxes 

may not generally be regarded as behaviour-changing instruments and may rather be understood as 

                                                           
3 Aggregation across diverse policy instruments can obscure important variations and bias the results. It seems to be 
almost non-sensical to measure policy-specific evaluations with aggregated variables contradicting the specificity of 
policy characteristics. Moreover, as proposed by Icek Ajzen for the TPB model, dependent variable and its predictors 
should be on the same level of generality or specificity (Ajzen, 1988, 2011; Conner & Sparks, 2005). Otherwise the 
model will underperform. In TPB, this concerns behaviours and behavioural beliefs (not general value orientations). 
In models of policy attitudes and evaluations, formulation of policies evaluated in the dependent variable and their 
characteristics explaining the variation should correspond.  
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instruments of raising revenues for the state. Unless these revenues are used for the cause, the tax 

itself can be seen as ineffective in reaching the stated goal. 

This explanation is further supported by Steg, Dreijerink, and Abrahamse (2006) who conclude that 

revenue use within the energy domain has positive effect on perceived effectiveness of the policy. 

Moreover, pull measures were perceived as more effective when funded from within the same domain 

rather than general budget. Hsu, Walters, and Purgas (2008) tested two diverse descriptions of an 

increase in gasoline tax. When the tax increase was described as a means of funding a technological 

solution, rather than as a behaviour-changing instrument, respondents evaluated the increase more 

positively. While other factors are certainly present, one of the differences between these two 

descriptions is the visibility of earmarking as a component of the policy instrument. 

 On the other hand, earmarking is not a substitute for policy effectiveness (Baranzini & Carattini, 

2017). Therefore, the two may support each other, but earmarking is not a guaranteed solution for 

policies being evaluated and perceived as ineffective. 

 As discussed above, awareness of consequences of climate change and associated risk perceptions 

are also related to perceptions of potential effects of proposed policies.  Government’s ability to 

implement a policy effectively could also change respondents’ evaluations. Perception of effectiveness 

is furthermore an issue of trust. Bicket and Vanner (2016, p. 366) argue that “[t]he relationship 

between trust and public acceptability has at least two components: one is confidence in an 

institution’s choice of policy design and capability to implement it effectively”. 

Therefore, one cannot assume a straightforward and simplistic relationship between perceived 

effectiveness and policy attitudes. Rather, links to climate change concern, trust towards the 

government, and other characteristics of the policy are likely to be present in formation of policy 

attitudes. Moreover, researchers should always consider how to formulate the terms and indicators of 

effectiveness, what policy effects to consider, and which effects may be particularly important for 

citizens. 

 

Methods 

Sample 

Data were collected within the CECILIA2050 project (cecilia2050.eu) by combination of online 

questionnaires (CAWI) and computer assisted personal interviews (CAPI) in the Czech Republic and 

Poland. Online questionnaire only was used in the United Kingdom. This strategy was chosen to 

alleviate possible representativeness issues caused by lower internet coverage rates in the Czech 

Republic and Poland. Data collection took place during September and October 2015. Respondents 

were selected from a large private company panel to fit national quotas on gender, age by categories, 

regions, and education (see Table 1). The values of national quotas were attained first during the 

collection of the data and again in the process of data cleaning. The analysed samples are therefore 

representative by the set quotas for the national populations of adults between the age of 18 and 69.  

Data were not weighted. 

Respondents participating in the self-administered online mode were checked for inattentive 

responses by measuring the time spent answering different sections of the questionnaire. Outlying 

values of time spent answering the questions were replaced by median value of a specific age group in 

order to compensate for respondents who interrupted the task and came back to finish the 

questionnaire later. Respondents who completed the questionnaire in less than 48% of the adjusted 

median time in groups based on age and country were filtered out from the final sample. In total, 9%, 

14%, and 12% of respondents were filtered out in the Czech, Polish, and British samples respectively, 

yielding a total of 4,098 cases in the three countries. The basic socio-demographic characteristics of 

the three samples are presented in Table 1.  
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Table 1: Sample characteristics 

    
Czech 

Republic 

United 

Kingdom 
Poland 

    n=1581 n=1251 n=1266 

data collection method 
CAPI 27.3 0 33.9 

CAWI 72.7 100 66.1 

gender female 52.3 50.8 50.7 

age 

18-35 38.4 35.8 37.0 

36-50 28.1 31.3 28.5 

51-69 33.5 32.9 34.4 

education 

primary and lower  48.7 41.4 42.4 

upper secondary 33.8 23.3 37.7 

tertiary 17.5 35.3 20.0 

municipality size (nr. of 

inhabitants) 

up to 1,000 16.4 11.2 14.0 

1,001 - 10,000 27.9 25.4 12.3 

10,001 - 100,000 32.4 34.3 33.1 

100,001 - 1 million 11.0 16.4 33.3 

more than 1 million 12.3 12.7 7.3 

member in envir. NGO yes 3.2 7.7 3.1 

 

The development of the questionnaire was informed by semi-structured interviews conducted in 

the Czech Republic in 2014. The instrument was pretested in CAWI mode in the following year. It was 

translated to English and the translation was corrected by several translators. The same translation 

procedure was applied from English to Polish.  

 

Independent variables 

Independent variables include the key concepts of the VBN theory: personal value orientations 

(altruistic, egoistic, and biospheric; Schwartz, 1970), environmental values (revised NEP scale; Dunlap, 

Liere, Mertig, & Jones, 2000), awareness of consequences, personal norm, and ascription of 

responsibility. Two variables of ascription of responsibility were included in the analysis – ascription 

to oneself (individual responsibility) and to government. Moreover, trust toward international and 

national governmental bodies and respondents’ views on the role of the state in national economies 

were also included. All attitude variables including awareness of consequences, ascription of 

responsibility, and trust were measured on Likert-type scales. The question wordings and response 

scales are provided in Table 2. Apart from trust and personal values, all such variables were measured 

on scales ranging from 1 to 7. Trust was measured on a scale from 0 to 10 (the battery was adopted 

from the ISSP questionnaires) and personal values were measured on a scale from -1 (‘opposed to my 

values’) through 0 (‘not important’) to 7 (‘of supreme importance’) in accordance with Schwartz’s  

(Schwartz, 1992) measure of value orientations. 

 

 

 

 

 

 

 

 

 

 

 



Kyselá, Ščasný, Zvěřinová, 2018  DRAFT – PLEASE DO NOT CITE OR DISTRIBUTE 

Table 2: Question wording and reliability of independent variables 

    
Question wording Scale 

Reliability 
(original) 

Reliability 
(imputed) 

    CZ UK PL CZ UK PL 

Trust twd national 
governmental bodies 

3 country specific items 
No trust at 

all (0) - 
Complete 
trust (10); 

DK 

0.92 0.95 0.93 0.92 0.95 0.93 

Trust twd 
international 
institutions 

2 country specific items 
0.65

* 
0.71* 0.69* 0.65* 

0.72
* 

0.70* 

Value orientation: 
  

Q: Different people have different values. Please indicate on the following scale how important each of these is 
as a guiding principle in your life. 

biospheric 

  Unity with nature, fitting into nature  opposed to 
my values (-

1) 0.87 0.91 0.89 no missing values   
Respecting the earth, harmony with other 
species  

  Protecting the environment, preserving nature not 
important 

(0) 

altruistic 

  A world of peace, free of war and conflict  

0.75 0.85 0.84 no missing values   
Equality, equal opportunity for all  

important 
(3) 

  
Social justice, correcting injustice, care for the 
weak  

very 
important 

(6) 

egoistic 

  Authority: the right to lead or command  

0.64 0.76 0.70 no missing values   Influence: having an impact on people and 
events  

of supreme 
importance 

(7) 
  Wealth: material possessions, money   

Awareness of 
consequences 

Global climate change will … 
… cause extreme weather and more natural 
disasters (e.g. floods or extreme drought) in 
[country]. 

Unlikely (1) 
- Likely (7); 

DK 
formative indicator 

… be a serious problem for species of plants and 
animals and their natural habitats.  
… have negative impacts on my own health and 
well-being. 

… negatively affect health and living standards 
of people in my local region. 
… will be in general a serious problem for me 
and my family. 

… will be in general a serious problem for 
[country] as a whole. 

Ascription of 
responsibility: 
individual 

My contribution to greenhouse gas emissions is 
negligible. 

Strongly 
disagree (1) 

- Strongly 
agree (7); 

DK 

0.29
* 

0.45* 0.32* 0.30* 
0.45

* 
0.32* In principle, individuals cannot contribute to 

the reduction of greenhouse gas emissions on 
their own. 

Ascription of 
responsibility: 
government & 
business 

Business and industry should reduce their 
emissions to help to prevent climate change. 0.58

* 
0.68* 0.65* 0.59* 

0.70
* 

0.66* 
The government should take strong action to 
reduce emissions and prevent climate change. 

Personal norm 

We have a moral obligation to future 
generations to do whatever we can to prevent 
climate change. 0.58

* 
0.64* 0.67* 0.59* 

0.67
* 

0.68* 
I feel morally obliged to bear in mind the 
environment and nature in my everyday 
behaviour. 

Environmental 
valuesa 

15 items; see REF 0.79 0.84 0.76 0.79 0.84 0.77 

Role of the state 
  
 

It is the government’s responsibility to provide 
a job for everyone who wants one. 

 -   -   -   -   -   -  

It is not the government’s role to redistribute 
income from the better off to the worse off. 

  -   -   -   -   -   -  

Note: Reliability measured by Cronbach’s α. Two-item measures assessed by Spearman’s rho (*). 
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Some of the questions measuring independent variables included option “I don’t know” (DK; see 

Table 5 in Appendix), which presents a problem of missing data if the variables are to be treated as 

ordinal or cardinal in the statistical analyses.4 The variables were therefore checked for patterns of 

missing data. No such pattern was discovered, although non-response present in some items 

correlated with other variables. Data are thus likely missing at random (MAR) rather than completely 

at random (MCAR). Moreover, composing index variables from items excluding DK answers results in 

a considerable decrease in valid cases. Listwise deletion of incomplete cases during index construction 

and subsequently in the regression analyses would exclude approximately 40% of all otherwise valid 

observations. Hence, DK answers occurring in items of independent variables were imputed with 

values computed by expectation maximization method.5  Correlational and regression analyses were 

then computed with both the original and the imputed data. The results of correlational analyses were 

equivalent, minor differences in results of regression analyses are reported in the Results section. 

 

Dependent variables 

Respondents evaluated six policy instruments in a battery with randomized item order using a 7-

point Likert-type scale and two additional categories: “I don’t know” and “I am not familiar with this 

instrument”. Effectiveness was defined as likelihood of fulfilling the goal of GHG emission reduction by 

80% in 2050.6 In total, six policy instruments were presented, ranging from taxes to information 

campaigns (see Table 2 or Figure 1 ). The selection of these instruments was based on their universal 

presence in the national debates and European discussions about tackling climate change (as debated 

and analysed within the CECILIA2050 project; Görlach, 2013).  

Split sample design was adopted – randomly selected half of the respondents was presented with 

the instrument of taxes labelled as such, while the other was provided with the label “charges”. Since 

there is no statistically significant difference between the evaluations of charges and taxes with respect 

to their effectiveness (χ2 test, α=0.05), data from the two groups are merged and analysed together. 

Although the evaluations of different instruments are correlated and have considerably high 

Cronbach’s α (0.840), each item is analysed separately in this study, since the objective is to explore 

differences in factors related to different policy instruments. DK answers were not imputed with 

values of the scale. Rather, differences between those who provided an answer on the scale and those 

who opted for one of the two DK answers were analysed (see the following section) and subsequently 

only valid cases were used in some of the analyses (multinomial logistic regression analyses). 

 

Analysis 

Nonparametric correlations (Kendall’s τ) between dependent variables and subsequently between 

dependent and independent variables were analysed. Dependent variables are ordinal and hence 

cannot be analysed by means of linear regression. The assumption of proportional odds did not hold 

for the ordinal regression models (tested by test of parallel lines in SPSS) and therefore two alternative 

approaches to transformed categorical dependent variables were chosen. 

First, since items within the batteries may be correlated with each other, multivariate probit 

regressions were used to estimate all equations jointly. To run a probit regression model, the 

                                                           
4 No other sources of item non-response were present in the dataset.  
5 Data were imputed with values computed by expectation-maximization (EM) procedure in SPSS statistical software 
including most of the analysed variables and some other attitudinal variables available in the dataset (25 iterations). 
Data were also imputed with multiple imputation method - results obtained from this imputation were equivalent to 
those obtained from EM imputed dataset, hence, EM imputed values were used for the sake of simplicity of analysis 
(avoiding working with several multiply imputed datasets and pooling estimation results). 
6 Question wording: Policy measures are effective to different degrees. If implemented, some policy measures are more 
likely than others to fulfil the goal of greenhouse gas emissions reduction by 80% in 2050. Please, indicate on the scale 
how likely it is that the following policies will succeed in reaching this goal.  
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dependent variable had to be recoded to two categories. For perceived effectiveness, those who 

thought it unlikely that the policy would attain the set goal (two extreme categories on the scale) were 

coded as 1 and all others (including DK values) were coded as 0. The main question behind this type 

of analysis is what factors contribute to the formation of negative perception of the six policies with 

respect to the two characteristics.  

Second, multinomial regression analyses were conducted with dependent variables recoded into 

three categories. Two points on both extremes of the scale were recoded to categories likely and 

unlikely. The category of undecided (middle) comprised the three middle points of the original scale 

and served as the reference category of the multinomial regression models. This analysis aims to 

identify factors contributing to formation of either positive or negative policy evaluation with respect 

to effectiveness. Those, who do now have any view on the respective policies are omitted, thus, the 

results cannot be generalized to the whole population, but only to those, who eventually form an 

opinion. Moreover, separate models were run for the multinomial regression, which may contribute 

to a minor bias in standard errors of the estimates. However, the results of the previous multivariate 

probit estimation were compared to the results of estimating separate probit regression models and 

the results are substantively equivalent. One can therefore expect the bias in separate multinomial 

regression estimations to be negligible. 

All regression models were computed using the original and consequently also the imputed data. 

Results of computation with imputed data are presented and interpreted in the following text. There 

were some minor differences between the two computations, but the substantive results are uniform.  

Analyses were computed with SPSS v17 or v19 software and for each surveyed country separately. 

Multivariate probit models were computed using the package “mvprobit” in STATA v13. 

 

Results 
Respondents’ evaluations of the examined policy instruments as (in)effective, i.e., as (un)likely to 

achieve the stated goal are presented in Figure 1. Only a minority of people in the three countries 

regards any of these instruments as unlikely to reach the goal. For most instruments, except for the 

ETS and information provision as evaluated by the British, at least one third of the respondents 

considers these instruments as effective. Technology and energy performance standards and subsidies 

for energy savings are seen as effective by the largest shares of the surveyed samples.  
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Figure 1: Evaluations of policy effectiveness (%; n=4,098) 

 
Question wording: Policy measures are effective to different degrees. If implemented, some policy measures are more likely 

than others to fulfil the goal of greenhouse gas emissions reduction by 80% in 2050. Please, indicate on the scale how likely it is 

that the following policies will succeed in reaching this goal. 

Respondents who did not know how to answer or were not familiar with the instrument at hand 

(see Table 5 in Appendix) differ from those who answered using the response scale. In all three 

countries, women were more likely than men to provide DK answers. Also, those who have achieved 

higher levels of education are less likely to opt for a DK answer and more likely to provide an answer 

on the scale. Some differences can also be found for age categories, although the relationship is often 

not so straightforward and is less robust – the category of young adults on one hand and those aged 

51 and more on the other tend to select DK more often than those between 36 and 50 years of age. 

Moreover, there are also some differences with respect to other value and attitude scales. In all three 

countries, those who provided 4 or more DK answers express on average lesser trust towards the 

government and are somewhat more inclined to ascribe responsibility to individuals. 

Models 

As stated above, two approaches to analysing the perceptions of policies with respect to their 

effectiveness and coerciveness were taken: multivariate (binomial) probit analysis of all policies 

within one characteristic, analysing all available data; and multinomial logistic regression analyses of 

single policy evaluations excluding those who answered they do not know or are not familiar with 

given policy instrument (don’t know, DK).  

Both approaches lead to different interpretations. While probit models with binary data allow us to 

analyse what contributes to formation of negative perceptions in whole populations, MNL regressions 

allow us to compare factors contributing to both positive and negative perceptions as compared to the 

middle position as a reference category. MNL regressions are univariate, therefore regression 

equations were computed separately for each policy. This could have led to a bias in standard errors 

of the estimates. Nonetheless, as is apparent from Table 3 and Table 4, the results of probit and MNL 

estimations are very close and the differences likely correspond to the inclusion of DKs into analysis. 
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Some variables are more often statistically significant in the probit models. These differences are 

commented on below. The similarity of the results lends support to feasibility of use and interpretation 

of separate MNL regression models with the bias in estimated results to be negligible with respect to 

the overall goal and purpose of the analyses. 

Yet, the performance of all computed MNL models is low. Nagelkerke R2s were in all cases lower 

than 0.4 and the highest percentage of cases correctly sorted to the three categories of the dependent 

variables was 70% (see Table 6 in Appendix). Given that the undecided group was in most models the 

largest one, the models struggled mostly with identifying cases in the other two groups. Low efficiency 

of the model suggests other variables are of greater importance than those currently included in the 

model.  

These results could be also suggestive of the arbitrary nature of respondents’ evaluations. Yet, 

respondents differentiated between policy instruments, which lends support to the assumption that 

they decide with a certain degree of reflection and consideration, although perhaps with consideration 

of other reasons and arguments than those examined here. Interestingly, the model had better fit in 

general in the UK than in the Czech Republic or Poland, which may be related to the specific historical, 

political, and social context of these post-communist countries. Despite the low efficacy of the model, 

the results obtained from its application to various policy instruments are informative about 

differences and commonalities in policy evaluation. 

MNL regression 

In the MNL regression, perceived effectiveness (for simplified overview of the results, see Table 4, 

for complete results see Table 7 to Table 9 in Appendix) is universally across states and instruments 

(with few exceptions) positively related to ascribing responsibility for climate change action to the 

government. The causality could run both ways – if the policy proposed by the government was seen 

as effective, the state would be responsible to undertake such action; if the government was 

responsible, its actions would better be effective. One could also argue that there is a more complex 

interdependency of these two beliefs than simple linear causality involving other considerations such 

as one’s own perceived responsibility (see below). 

Except of assigning responsibility to the state, there is no other factor common to all instruments 

across the three national samples. Statistically significant effects show a great variability, likely 

mirroring different country-specific situations and concerns and instrument-specific considerations, 

as well as the number of variables in the model (some ought to be significant).  For example, altruistic 

value orientation has a direct statistically significant positive effect resulting in odds evaluating policy 

as effective being higher than odds of respondents to be undecided (in the middle group) in all 

countries in the case of subsidies, while biospheric value orientation has a similar effect in the case of 

information provision. These are instrument-specific effects occurring across the three countries.  

On the other hand, odds ratios in favour of evaluation as likely related to trust toward government 

and awareness of consequences seem to be country-specific for the UK, where these two effects are 

statistically significant for all instruments (except for awareness of consequences for subsidies). 

Interestingly, awareness of consequences is related to odds of evaluating policy as unlikely to achieve 

its goals being lower than odds being undecided in Poland. Therefore, while in the UK awareness of 

consequences is related to policy being evaluated as effective, in Poland it is more often related to 

policy not being evaluated as ineffective. In short, in one country the variable can have a greater effect 

among those who are not convinced at all while in other country among those who regard the policy 

to be effective.  

Other variables have similarly diverging statistical effects. Since the reference group is the middle 

category, a consistent relationship between independent and dependent variable would manifest as a 

positive effect in one category and negative in the other (e.g., in Poland, ascription of responsibility to 

the state and for some policies also awareness of consequences have these effects). Yet, most 

independent variables have a statistically significant effect in only one category. For example, trust 
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toward international governance bodies is related to lower odds of evaluating policy as unlikely to 

achieve its goals compared to odds of being undecided on several occasions (particularly in the UK and 

the Czech Republic for performance standards and the ETS), while there is no statistically significant 

effect on evaluating the instruments as likely to achieve the set goals. This suggests that trust toward 

international institutions could be an important factor related to the perception of instrument as 

ineffective, but not so much to its perception as effective. 

Interestingly, NEP and biospheric value orientation are related to perception of some instruments 

as effective and of other instruments as ineffective. For example, for subsidies and taxes in the UK the 

odds of perceiving policy as ineffective are higher than odds of perceiving it as somewhat effective in 

response to increase in biospheric value orientation, while the odds of perceiving information 

provision as effective are higher than odds of perceiving it as somewhat effective in response to the 

same variable; meaning that this variable has different relationships with perceived effectiveness of 

different policy instruments. Thus, the British with biospheric value orientation tend to consider taxes 

and subsidies as ineffective on one hand and information provision as effective on the other. This result 

furthermore supports the idea of value-based instrument-specific policy evaluations and preferences. 

Table 3: Multinomial logistic regression results: perceived effectiveness (imputed data) 

 
Note: A - Technology & energy performance standards / B - Subsidies for energy savings / C - [Charges for/Taxes on] energy and 

emissions / D - Emissions trading system / E - Removal of environmentally harmful subsidies Information provision 

A B C D E F A B C D E F A B C D E F

Const. - ---

Age +++ +++ +++ +++

Income ++ ++ +

Altruistic +++ ++

Biospheric ++ ++ +

Egoistic --- - ---

NEP + + ++ ++ ++

AC --- --- - --- - --- -- - --

Trust G -- --- - -- --

Trust Int -- --- --- - -- - -- --- - --- ---

ARI ++ ++ +++ ++

ARS -- - --- -- --- -- -- -

PN --- --- --- --- --- --- - +

State1 ++ - ++ -

State2 -- + --

Male=0 (ref)

Male=1 -- -- --- -

Education primary (ref)

Education lower secondary-- + --

Education upper secondary -- ---

Education tertiary -- --- -

Const. --- --- --- --- --- --- --- --- --- --- --- --- --- --- --- --- --- ---

Age -

Income+ +++ ++ + +

Altruistic +++ +++ ++ +++ ++ ++ ++

Biospheric ++ ++ +++ ++ ++

Egoistic

NEP +++ ++ + --

AC + + ++ +++ +++ +++ +++ +++ + +++ +++ + ++

Trust G ++ ++ +++ +++ ++ +++ ++ ++

Trust Int +

ARI ++ ++ ++ ++ + +++

ARS +++ + +++ ++ ++ ++ ++ +++ + +++ +++ +++ ++ ++ +++

PN + + + ++ +

State1 - - + + +++ +++ +

State2 ++ ++ ++ ++

Male=0 (ref)

Male=1--- --- -

Education primary (ref)

Education lower secondary+ -- -

Education upper secondary++ - -- -

Education tertiary - --

1210 1268 1241 1146 1208 1266 901 926 917 848 895 896 889 908 886 792 852 884

0,208 0,166 0,152 0,120 0,127 0,120 0,325 0,280 0,283 0,336 0,299 0,341 0,303 0,277 0,267 0,191 0,217 0,264

Poland

U
n

li
ke

ly
Li

ke
ly

n

Nagelkerke

Czech Republic United Kingdom
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+++/--- - positive/negative effect sig. on 0,001; ++/-- - positive/negative effect sig. on 0,01; +/- positive/negative effect sig. 

on 0,05 

Multivariate probit 

Results of the multivariate analysis are very similar to those yielded by MNL regression (see Table 

4 for overview and Table 10 to Table 12 in Appendix for complete results) . Nevertheless, the effects 

of some variables are statistically significant for more policies. For example, environmental values 

measured by the NEP scale tend to have statistically significant relationships with evaluation of 

information provision policy as unlikely to achieve its goals, similar to ETS. Interestingly, awareness 

of consequences has statistically significant negative coefficients for most of the policies in the UK and 

Poland (not so in the Czech Republic), which would suggest that those who form negative evaluation 

of policy effectiveness tend to be less aware of climate change consequences than not only those who 

form more positive evaluation, but also those who do not form any (DKs). Otherwise, the results show 

a great variability in terms of country-specific and policy-specific effects as well. 

Table 4: Multivariate probit results: perceived effectiveness of climate policy instruments (imputed data) 

 
Note: A - Technology & energy performance standards / B - Subsidies for energy savings / C - [Charges for/Taxes on] energy and 

emissions / D - Emissions trading system / E - Removal of environmentally harmful subsidies Information provision 

+++/--- - positive/negative effect sig. on 0,001; ++/-- - positive/negative effect sig. on 0,01; +/- positive/negative effect sig. 

on 0,05 

 

Taxes 

Perceived effectiveness of taxes or charges for high emitting behaviours is positively related to 

ascription of responsibility to the state in the Czech Republic and Poland (stat. sig. on 0.1 in the UK) 

and to the individual in the UK, while it is also negatively related to the latter in Poland (odds of finding 

the policy as unlikely to achieve the set goals are higher than odds of being undecided in response to 

ascription of responsibility to individuals). In the UK, trust towards the government has a statistically 

significant positive effect within the evaluation as effective, but not as ineffective. In the Czech Republic 

and Poland, there is a negative effect in the latter group, but not the former, suggesting that trust 

towards government plays more important role in relation to perceived ineffectiveness in Poland and 

the Czech Republic and perceived effectiveness in the UK.  

 

 

 

A B C D E F A B C D E F A B C D E F

Const. - - - ---

Age ++ +++ +++ ++

Income + ++ +

Altruistic -- +++ ++ ++

Biospheric + +++ +++ ++

Egoistic - --- - --- --- -- -

NEP + ++ + +++ ++ +++ ++ ++ ++

AC --- -- - -- -- -- --- --- --- --- -- -- ---

Trust G --- -- - -- ---

Trust Int -- -- - - --

ARI + + ++ ++

ARS -- -- - - --- -- --- --- --- -- -- --

PN --- --- -- --- --- --- -

State1 ++ -- --- -- - ---

State2 -- -- - -- + --

Male=0 (ref)

Male=1 - --- --- --

Education primary (ref)

Education lower secondary -

Education upper secondary

Education tertiary - ++

Wald

Log lik

293,9 240,0

-1810,0 -1075,9 -972,2

Czech Republic (n=1403) United Kingdom (n=1129) Poland (n=1037)

238,0
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Conclusion 
In this study, we focused on perceived effectiveness of climate change mitigation policies in general 

and taxes in particular and factors related to perceived effectiveness of different policy instruments in 

three EU countries. Only one factor was identified as common to effectiveness evaluations of all six 

instruments in all three countries, namely awareness of consequences of climate change. Hence, 

perceived effectiveness formulated as an ability to reduce emissions is mainly judged in relation to 

one’s own ideas about climate change. Other than that, the results are very diverse, both country and 

instrument specific.  

Moreover, in terms of the model, its overall performance is weak, suggesting that other, so far 

omitted, variables may explain more variability of respondents’ evaluations or that their evaluations 

are decided arbitrarily. The latter conclusion is, however, contradicted by the simultaneous existence 

of factors common to all policy instruments in both evaluations and the instrument-dependent 

diversity of other factors suggesting that citizens can differentiate between climate change policy 

instruments.  

Based on the principle of parsimony applied in the practice of model development, the next step 

would be to omit variables which are not statistically significant and, if data allow, find other possibly 

relevant variables which might be tested and eventually added to the model based on hypotheses 

about the nature of respondents’ attitudes.  With a look at the results in the three countries and for the 

different instruments, it would be almost impossible to find a variable that is universally not 

statistically or substantively significant, so it would seem like the best approach to develop each 

application of the model individually in order to maintain valuable information about what drives 

policy-specific beliefs for specific policies. 

Perceived effectiveness is usually statistically significant factor in policy attitudes despite the 

variability and fragmentariness of definitions, operationalisation, and measurement. This 

fragmentariness is only partially caused by the diversity of policies explored. Most researchers define 

and operationalise policy characteristics in a very ad hoc manner even if using general measures and 

not reflecting some specific policy characteristics and their relevance to either environmental or 

behavioural effectiveness. Moreover, different effects are formulated and offered to respondents, 

furthermore decreasing comparability of the results on one hand and increasing opportunity for 

learning something novel on the other. Hence, the diversity is not something to be necessarily avoided, 

but should be always reflected when interpreting results. For example, perceptions of behavioural and 

environmental effectiveness cannot be compared easily. Generalised conclusions regarding the 

influence of perception of policy characteristics are thus something that should be avoided or at least 

carefully deliberated. 

Moreover, there can be many policy characteristics that were not yet examined by researchers and 

therefore their importance is unknown. Some studies explored the relevance of instrument-specific 

attributes, but these are, so far, rare examples. Potentially important characteristics should be 

identified during preparatory phases of the research on the bases of research goals and interests 

and/or respondents’ perceptions and beliefs elicited in a pre-survey. Similar practice should be 

adopted with respect to formulation and specification of those characteristics already identified as 

influential in general, i.e., effectiveness, fairness, coerciveness, and others. 

 

Policy recommendations 
Policy-makers should not expect much from framing proposed policies – effects of frames are 

limited at best (McCright, Charters, Dentzman, & Dietz, 2016), since different frames may interact with 

different individual characteristics, such as policy orientation (Campbell & Kay, 2014; Howell, 

Capstick, & Whitmarsh, 2016). On the other hand, denial counter-frames can be quite dangerous 
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(McCright et al., 2016), which reminds us of the fragility of every carefully constructed communication 

strategy.  

Communicate policy effects and effectiveness. Perceived environmental effectiveness is one of 

the most important factors related to policy attitudes. Rather than scare people with impacts of climate 

change, policy communication should show people their ability to do something with climate change 

through drawing attention to positive effects of mitigation policies. This includes communicating both 

goals and effects of the policy (including secondary benefits), as well as the capacity and efficacy of 

society to act. Although this proposition should be tested in future, several researchers have already 

concluded that fear can have inhibiting and discouraging effects on people and thus can backfire in 

policy communication. Positive emotions, on the other hand, can be empowering (Brügger, Morton, & 

Dessai, 2016; Hart, 2011; Smith & Leiserowitz, 2014). 

Identify important policy characteristics. Except of perceived fairness and effectiveness, other 

characteristics may be particularly important in specific policy proposals and debates. These 

characteristics should be identified early in the policy-making process and addressed properly – either 

modifying them in policy design, or communicating them. Strengths of the policy can also be identified 

this way and used to develop messages about the policy. 

Mix policy instruments but frame them together. Responses toward specific policy instruments 

can differ greatly. Therefore, combining instruments could not only increase environmental 

effectiveness of the policy, but can also improve public opinion if properly communicated. The design 

of policy mixes, however, should not be overly complicated and should adhere to the principles of 

transparency and straightforward formulation and design. The entire policy mix should be identifiable 

as a single and coherent policy which is representable to the public and comprehensible as such. 

Develop targeted communication strategies. Especially in politically polarized publics, policy-

makers should be aware of different segments of population with respect to their motivations and 

attitudes. Communication strategies should be targeted to population segments more sceptical or 

negative toward policy proposal and should address factors contributing to this scepticism. Targeting 

should be carefully balanced so the overall communication strategy would be consistent. 

It must be also added, that the sole provision of information, even if it is targeted and tailored, does 

not have to be rewarded with noticeable changes in public's views and beliefs.  The information-deficit 

model assuming that providing information will lead to citizens behaving rationally is argued to be 

misdirected (Shwom, Bidwell, Dan, & Dietz, 2010; Whitmarsh, Seyfang, & O’Neill, 2011). Knowledge 

alone, without connection to values and beliefs that would actually allow the reasoning leading to pro-

environmental decisions, does not have to lead to higher popular policy support (Krosnick, Holbrook, 

Lowe, & Visser, 2006).  
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Appendix 

Table 5: Missing values (%): respondents who answered Don't know or Not familiar with measure 

  

Czech 

Republic 

United 

Kingdom Poland Total 

total N 1581 1251 1266 4098 

Perceived effectiveness % % % % 

Technology & energy performance standards 14 22 15 17 

Subsidies for energy savings 10 20 14 14 

[Charges for/Taxes on] energy and emissions 12 20 16 16 

Emissions trading system 19 27 26 24 

Removal of environmentally harmful subsidies  15 22 19 19 

Information provision 10 22 16 16 

 

Table 6: MNL model performance (Nagelkerke R2, overall % of cases correctly predicted by the 

model) 

Perceived effectiveness 

    CZ     EN     PL   

  

n 
Nagelk. 

R 

% 

predicte

d 

n 
Nagelk. 

R 

% 

predicte

d 

n 
Nagelk. 

R 

% 

predicte

d 

Technology & energy 

performance 

standards 

121

0 
0.208 63% 901 0.325 63% 889 0.303 66% 

Subsidies for energy 

savings 

126

8 
0.166 59% 926 0.280 63% 908 0.277 70% 

[Charges for/Taxes 

on] energy and 

emissions 

124

1 
0.152 58% 917 0.283 62% 886 0.267 63% 

Emissions trading 

system 

114

6 
0.120 57% 848 0.336 65% 792 0.191 54% 

Removal of 

environmentally 

harmful subsidies  

120

8 
0.127 58% 895 0.299 63% 852 0.217 63% 

Information 

provision 

126

6 
0.120 58% 896 0.341 65% 884 0.264 64% 
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Table 7: MNL regression results for perceived effectiveness in the Czech Republic (imputed data) 

B Std. Error Sig. B Std. Error Sig. B Std. Error Sig. B Std. Error Sig. B Std. Error Sig. B Std. Error Sig.
Const. -0,801 1,575 0,611 -1,254 1,282 0,328 1,199 1,160 0,302 0,149 0,922 0,872 -2,050 1,156 0,076 -1,587 1,083 0,143

Age -0,012 0,012 0,330 0,013 0,010 0,158 -0,004 0,009 0,628 0,002 0,007 0,780 0,012 0,008 0,141 0,004 0,008 0,634

Income 0,000 0,000 0,239 0,000 0,000 0,014 0,000 0,000 0,632 0,000 0,000 0,417 0,000 0,000 0,313 0,000 0,000 0,950

Altruistic -0,201 0,129 0,120 0,125 0,109 0,252 0,011 0,098 0,913 0,127 0,078 0,101 -0,010 0,096 0,921 0,005 0,089 0,956

Biospheric 0,033 0,128 0,795 0,019 0,101 0,854 -0,076 0,097 0,429 -0,020 0,074 0,789 0,017 0,093 0,859 0,000 0,086 0,998

Egoistic -0,137 0,119 0,250 -0,151 0,094 0,107 -0,133 0,088 0,130 -0,087 0,066 0,187 -0,032 0,084 0,699 0,026 0,077 0,731

NEP 0,379 0,251 0,131 0,192 0,202 0,341 0,361 0,192 0,061 0,271 0,146 0,064 0,174 0,187 0,353 0,240 0,171 0,160

AC -0,124 0,137 0,367 -0,102 0,108 0,341 -0,316 0,097 0,001 -0,105 0,077 0,177 -0,107 0,098 0,276 -0,132 0,091 0,147

Trust G -0,196 0,130 0,130 -0,194 0,087 0,026 -0,232 0,081 0,004 -0,087 0,057 0,122 0,030 0,073 0,677 -0,126 0,070 0,070

Trust Int -0,281 0,111 0,012 -0,112 0,076 0,140 -0,096 0,070 0,175 -0,152 0,052 0,003 -0,184 0,069 0,007 -0,117 0,063 0,062

ARI 0,042 0,120 0,727 0,086 0,092 0,347 -0,038 0,084 0,651 -0,018 0,063 0,772 -0,037 0,080 0,648 0,161 0,077 0,036

ARS -0,234 0,161 0,147 -0,012 0,124 0,921 -0,136 0,116 0,241 -0,084 0,094 0,370 -0,118 0,117 0,313 -0,241 0,104 0,021

PN 0,033 0,162 0,839 -0,399 0,119 0,001 -0,042 0,119 0,723 0,025 0,095 0,792 0,031 0,117 0,791 0,011 0,106 0,915

State1 0,259 0,110 0,019 0,068 0,076 0,368 0,059 0,071 0,399 -0,096 0,052 0,066 0,148 0,072 0,040 0,043 0,063 0,498

State2 0,007 0,086 0,936 -0,025 0,069 0,717 -0,048 0,063 0,453 -0,064 0,048 0,182 -0,006 0,061 0,928 -0,004 0,057 0,943

Male=1 -0,407 0,349 0,244 -0,696 0,275 0,012 -0,614 0,251 0,015 -0,729 0,192 0,000 -0,378 0,243 0,120 -0,267 0,223 0,231

Education lower secondary -1,114 0,689 0,106 0,275 0,548 0,615 -1,042 0,512 0,042 -0,203 0,335 0,544 -0,207 0,453 0,647 0,763 0,405 0,060

Education upper secondary -0,528 0,483 0,275 0,364 0,480 0,447 -0,467 0,384 0,223 -0,371 0,302 0,219 -0,414 0,393 0,292 0,055 0,381 0,886

Education tertiary -0,494 0,490 0,314 0,394 0,467 0,399 -0,090 0,376 0,811 -0,358 0,304 0,240 0,111 0,374 0,768 -0,046 0,388 0,905

Const. -6,079 0,752 0,000 -4,066 0,693 0,000 -4,104 0,719 0,000 -3,484 0,781 0,000 -4,919 0,735 0,000 -3,547 0,715 0,000

Age 0,005 0,005 0,314 0,006 0,005 0,176 0,003 0,005 0,479 0,000 0,005 0,949 0,004 0,005 0,401 0,005 0,005 0,321

Income 0,000 0,000 0,062 0,000 0,000 0,197 0,000 0,000 0,010 0,000 0,000 0,215 0,000 0,000 0,212 0,000 0,000 0,471

Altruistic 0,065 0,058 0,260 0,158 0,056 0,005 0,013 0,057 0,814 0,048 0,064 0,459 0,160 0,059 0,006 0,038 0,058 0,512

Biospheric 0,090 0,055 0,102 0,107 0,054 0,045 0,051 0,056 0,356 0,133 0,062 0,032 0,028 0,056 0,616 0,157 0,056 0,005

Egoistic 0,079 0,049 0,106 -0,052 0,047 0,266 0,040 0,048 0,405 0,003 0,053 0,959 -0,046 0,048 0,342 0,076 0,048 0,114

NEP 0,404 0,106 0,000 0,202 0,102 0,047 0,147 0,104 0,159 0,094 0,116 0,420 0,197 0,107 0,065 0,029 0,106 0,783

AC 0,053 0,059 0,368 0,100 0,057 0,079 0,106 0,059 0,072 0,133 0,066 0,044 0,053 0,060 0,379 0,027 0,059 0,649

Trust G 0,037 0,039 0,339 0,053 0,038 0,159 -0,053 0,038 0,164 0,040 0,042 0,333 0,026 0,039 0,506 0,037 0,038 0,324

Trust Int 0,031 0,037 0,397 -0,024 0,036 0,499 0,070 0,036 0,053 0,007 0,040 0,860 -0,023 0,037 0,528 0,040 0,036 0,269

ARI -0,019 0,045 0,670 -0,023 0,045 0,607 -0,026 0,045 0,560 0,107 0,050 0,034 -0,009 0,046 0,837 0,000 0,045 0,994

ARS 0,364 0,079 0,000 0,139 0,073 0,056 0,351 0,080 0,000 0,217 0,088 0,014 0,195 0,080 0,014 0,191 0,080 0,017

PN 0,013 0,073 0,856 0,032 0,073 0,654 -0,043 0,073 0,560 -0,097 0,080 0,228 0,137 0,075 0,068 0,055 0,075 0,461

State1 -0,072 0,039 0,062 -0,012 0,038 0,758 -0,040 0,038 0,292 -0,071 0,043 0,097 -0,040 0,039 0,304 -0,028 0,039 0,460

State2 0,003 0,036 0,941 0,004 0,035 0,910 0,027 0,035 0,453 -0,043 0,039 0,278 0,083 0,036 0,022 -0,016 0,036 0,649

Male=1 -0,445 0,137 0,001 -0,447 0,133 0,001 -0,018 0,134 0,896 -0,006 0,151 0,969 -0,172 0,138 0,211 -0,133 0,135 0,325

Education lower secondary 0,317 0,249 0,202 0,423 0,240 0,078 -0,099 0,245 0,688 -0,648 0,278 0,020 0,155 0,251 0,538 -0,295 0,245 0,229

Education upper secondary 0,199 0,223 0,371 0,416 0,211 0,048 -0,171 0,218 0,432 -0,278 0,238 0,243 0,092 0,221 0,677 -0,351 0,213 0,099

Education tertiary 0,216 0,231 0,349 0,079 0,217 0,715 -0,108 0,226 0,633 -0,274 0,247 0,267 0,214 0,229 0,350 -0,143 0,218 0,511

n
Nagelkerke

U
nl
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y
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Czech Republic
Tech standards Subsidies energy Taxes ETS Remove harmful Information

1266

0,120

1268

0,1660,208

1210

0,127

12081146

0,1200,152

1241
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Table 8: MNL regression results for perceived effectiveness in the United Kingdom (imputed data) 

 

B Std. Error Sig. B Std. Error Sig. B Std. Error Sig. B Std. Error Sig. B Std. Error Sig. B Std. Error Sig.
Const. 2,073 1,462 0,156 1,479 1,415 0,296 -0,723 1,411 0,609 -0,492 1,164 0,673 -0,635 1,318 0,630 1,251 1,202 0,298

Age 0,011 0,012 0,360 0,038 0,012 0,002 0,034 0,012 0,003 0,037 0,010 0,000 0,034 0,011 0,002 0,007 0,009 0,417

Income 0,000 0,000 0,036 0,000 0,000 0,573 0,000 0,000 0,284 0,000 0,000 0,801 0,000 0,000 0,657 0,000 0,000 0,307

Altruistic -0,037 0,128 0,774 -0,146 0,127 0,251 0,032 0,127 0,799 0,281 0,108 0,009 0,127 0,122 0,297 -0,006 0,104 0,957

Biospheric 0,208 0,137 0,129 0,262 0,131 0,045 0,326 0,134 0,015 -0,085 0,110 0,439 0,058 0,124 0,640 0,189 0,113 0,095

Egoistic -0,379 0,125 0,002 -0,101 0,119 0,395 -0,131 0,116 0,256 -0,186 0,097 0,054 -0,113 0,112 0,314 -0,285 0,101 0,005

NEP 0,179 0,250 0,473 -0,273 0,244 0,263 -0,104 0,236 0,660 0,455 0,200 0,023 0,336 0,227 0,138 0,335 0,206 0,105

AC -0,102 0,147 0,489 -0,042 0,139 0,764 -0,079 0,137 0,561 -0,085 0,116 0,463 -0,345 0,132 0,009 -0,209 0,122 0,088

Trust G -0,049 0,093 0,599 -0,218 0,091 0,017 -0,051 0,086 0,553 -0,059 0,069 0,387 -0,104 0,082 0,205 -0,050 0,073 0,490

Trust Int -0,206 0,092 0,026 -0,151 0,087 0,083 -0,217 0,086 0,012 -0,199 0,070 0,004 -0,154 0,083 0,063 -0,218 0,072 0,002

ARI 0,062 0,118 0,598 0,058 0,113 0,609 0,116 0,109 0,289 0,019 0,086 0,823 0,121 0,107 0,258 0,124 0,091 0,173

ARS -0,113 0,166 0,496 -0,120 0,160 0,453 -0,048 0,161 0,767 -0,154 0,141 0,276 -0,134 0,156 0,389 -0,263 0,145 0,071

PN -0,650 0,159 0,000 -0,397 0,150 0,008 -0,516 0,155 0,001 -0,398 0,138 0,004 -0,463 0,150 0,002 -0,253 0,141 0,072

State1 0,091 0,098 0,351 -0,002 0,092 0,986 0,044 0,093 0,640 -0,116 0,073 0,111 0,014 0,090 0,878 -0,074 0,076 0,327

State2 -0,050 0,087 0,565 -0,174 0,084 0,039 -0,107 0,083 0,197 -0,107 0,068 0,117 -0,018 0,081 0,827 -0,074 0,072 0,304

Male=1 -0,377 0,328 0,249 -0,127 0,316 0,687 0,000 0,308 0,999 -0,441 0,252 0,080 -0,130 0,291 0,654 -0,129 0,255 0,615

Education lower secondary -0,847 0,525 0,107 0,034 0,543 0,950 -0,053 0,527 0,920 -0,252 0,439 0,566 -0,392 0,529 0,459 0,021 0,430 0,961

Education upper secondary -0,783 0,538 0,145 -0,070 0,558 0,900 0,087 0,517 0,866 -0,219 0,451 0,627 0,304 0,507 0,549 -0,319 0,456 0,484

Education tertiary -0,627 0,484 0,195 0,318 0,498 0,523 -0,637 0,513 0,215 -0,181 0,425 0,669 0,092 0,470 0,845 -0,579 0,433 0,181

Const. -4,514 0,846 0,000 -4,162 0,815 0,000 -5,356 0,833 0,000 -5,224 0,941 0,000 -5,076 0,849 0,000 -5,805 0,946 0,000

Age -0,005 0,006 0,370 0,001 0,006 0,847 0,004 0,006 0,466 -0,011 0,006 0,076 0,002 0,006 0,756 -0,001 0,006 0,878

Income 0,000 0,000 0,012 0,000 0,000 0,563 0,000 0,000 0,703 0,000 0,000 0,150 0,000 0,000 0,512 0,000 0,000 0,825

Altruistic -0,060 0,077 0,435 0,149 0,074 0,043 0,048 0,074 0,515 -0,066 0,085 0,440 0,002 0,078 0,977 0,093 0,084 0,269

Biospheric 0,113 0,076 0,138 -0,062 0,073 0,400 0,017 0,074 0,823 0,122 0,084 0,144 0,092 0,078 0,237 0,183 0,082 0,026

Egoistic 0,044 0,064 0,486 0,052 0,062 0,402 -0,012 0,063 0,843 0,034 0,069 0,623 -0,009 0,064 0,894 -0,033 0,068 0,632

NEP -0,079 0,133 0,554 -0,171 0,129 0,188 0,021 0,130 0,868 -0,169 0,145 0,244 -0,071 0,134 0,596 -0,357 0,146 0,014

AC 0,224 0,084 0,008 0,096 0,081 0,236 0,286 0,083 0,001 0,317 0,095 0,001 0,310 0,087 0,000 0,334 0,094 0,000

Trust G 0,101 0,046 0,028 0,104 0,044 0,018 0,129 0,045 0,004 0,137 0,050 0,006 0,106 0,045 0,020 0,130 0,049 0,008

Trust Int 0,036 0,047 0,441 0,049 0,045 0,275 -0,018 0,045 0,696 -0,014 0,051 0,788 0,042 0,046 0,368 0,025 0,050 0,613

ARI -0,058 0,059 0,329 -0,038 0,057 0,498 0,124 0,057 0,030 0,144 0,064 0,024 0,115 0,058 0,048 0,118 0,062 0,059

ARS 0,280 0,111 0,012 0,401 0,109 0,000 0,175 0,108 0,103 0,244 0,127 0,055 0,100 0,112 0,375 0,327 0,126 0,009

PN 0,176 0,102 0,085 0,129 0,098 0,186 0,176 0,100 0,079 0,106 0,115 0,360 0,237 0,105 0,024 -0,046 0,111 0,679

State1 0,095 0,053 0,071 0,026 0,051 0,603 0,100 0,052 0,053 0,160 0,060 0,008 -0,024 0,053 0,648 0,175 0,058 0,003

State2 0,020 0,047 0,667 0,006 0,045 0,896 -0,031 0,045 0,488 0,060 0,051 0,238 0,023 0,047 0,617 0,120 0,050 0,016

Male=1 -0,166 0,153 0,279 0,030 0,148 0,838 0,100 0,151 0,508 -0,113 0,168 0,503 0,077 0,153 0,617 -0,079 0,164 0,630

Education lower secondary -0,016 0,288 0,955 -0,229 0,271 0,397 0,106 0,276 0,701 -0,557 0,310 0,072 0,053 0,287 0,855 -0,351 0,297 0,236

Education upper secondary -0,173 0,294 0,556 -0,014 0,278 0,961 -0,435 0,285 0,127 -0,387 0,317 0,223 -0,092 0,296 0,755 -0,278 0,305 0,363

Education tertiary -0,201 0,287 0,484 -0,021 0,272 0,938 -0,447 0,277 0,106 -0,483 0,314 0,124 -0,255 0,291 0,382 -0,531 0,299 0,076
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0,3410,299

895848
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Table 9: MNL regression results for perceived effectiveness in Poland (imputed data)  

 

B Std. Error Sig. B Std. Error Sig. B Std. Error Sig. B Std. Error Sig. B Std. Error Sig. B Std. Error Sig.
Const. -1,579 2,293 0,491 -2,745 1,884 0,145 0,396 1,349 0,769 -3,263 1,137 0,004 -1,623 1,385 0,241 -0,499 1,420 0,725

Age 0,015 0,018 0,398 0,006 0,016 0,722 -0,001 0,011 0,940 0,013 0,009 0,126 -0,008 0,011 0,469 -0,014 0,012 0,245

Income 0,000 0,000 0,446 0,000 0,000 0,298 0,000 0,000 0,871 0,000 0,000 0,816 0,000 0,000 0,348 0,000 0,000 0,077

Altruistic 0,305 0,221 0,167 0,194 0,178 0,276 0,079 0,133 0,555 0,183 0,111 0,101 0,282 0,138 0,041 0,176 0,137 0,200

Biospheric -0,135 0,201 0,502 -0,128 0,173 0,460 0,078 0,131 0,554 0,098 0,113 0,383 -0,011 0,127 0,931 -0,062 0,138 0,651

Egoistic 0,175 0,173 0,311 0,106 0,151 0,484 0,087 0,109 0,423 -0,083 0,086 0,338 0,037 0,106 0,726 -0,128 0,120 0,284

NEP 0,163 0,388 0,675 0,745 0,350 0,034 0,041 0,248 0,868 0,475 0,202 0,019 0,392 0,244 0,108 0,343 0,263 0,193

AC -0,555 0,192 0,004 -0,291 0,172 0,091 -0,334 0,124 0,007 -0,218 0,102 0,033 -0,244 0,126 0,053 -0,348 0,141 0,014

Trust G -0,169 0,153 0,270 -0,064 0,131 0,623 -0,222 0,097 0,022 0,005 0,067 0,940 -0,115 0,094 0,221 0,149 0,104 0,151

Trust Int 0,018 0,137 0,897 -0,110 0,120 0,360 -0,103 0,083 0,217 -0,067 0,065 0,303 -0,087 0,083 0,290 -0,302 0,101 0,003

ARI 0,246 0,173 0,157 0,229 0,148 0,122 0,282 0,115 0,014 0,234 0,086 0,006 0,122 0,107 0,256 0,269 0,121 0,026

ARS -0,834 0,288 0,004 -0,579 0,233 0,013 -0,537 0,179 0,003 -0,347 0,149 0,020 -0,416 0,180 0,021 -0,352 0,188 0,061

PN 0,407 0,266 0,126 0,067 0,219 0,760 0,268 0,179 0,134 0,271 0,147 0,065 0,257 0,178 0,149 0,122 0,186 0,514

State1 -0,106 0,136 0,434 -0,180 0,119 0,132 -0,178 0,092 0,054 0,032 0,080 0,685 -0,029 0,096 0,764 0,003 0,100 0,980

State2 -0,219 0,139 0,116 0,016 0,115 0,889 0,168 0,092 0,069 -0,139 0,066 0,036 -0,099 0,085 0,244 -0,059 0,093 0,524

Male=1 0,620 0,505 0,219 -0,613 0,441 0,165 -0,046 0,307 0,881 -0,193 0,239 0,419 -0,107 0,306 0,725 -0,205 0,334 0,540

Education lower secondary 0,719 1,200 0,549 0,277 0,900 0,758 -0,770 0,539 0,153 -0,962 0,454 0,034 -0,452 0,554 0,415 -0,349 0,627 0,578

Education upper secondary 0,564 1,171 0,630 0,268 0,860 0,755 -1,081 0,503 0,032 -1,082 0,418 0,010 -0,445 0,519 0,392 -0,395 0,575 0,492

Education tertiary 0,881 1,167 0,450 -0,058 0,902 0,949 -1,340 0,535 0,012 -1,308 0,426 0,002 -0,957 0,550 0,082 -0,811 0,612 0,185

Const. -5,462 0,806 0,000 -4,750 0,810 0,000 -4,328 0,797 0,000 -3,113 0,842 0,000 -4,381 0,789 0,000 -4,886 0,802 0,000

Age -0,001 0,006 0,803 -0,002 0,006 0,774 0,006 0,006 0,261 -0,009 0,006 0,151 0,004 0,006 0,433 -0,007 0,006 0,212

Income 0,000 0,000 0,297 0,000 0,000 0,104 0,000 0,000 0,052 0,000 0,000 0,091 0,000 0,000 0,303 0,000 0,000 0,429

Altruistic 0,223 0,074 0,003 0,183 0,074 0,013 0,174 0,074 0,018 0,080 0,077 0,299 0,103 0,073 0,160 0,177 0,074 0,017

Biospheric -0,049 0,074 0,510 -0,040 0,074 0,588 -0,005 0,072 0,941 -0,040 0,079 0,616 0,098 0,073 0,176 0,171 0,072 0,018

Egoistic -0,027 0,058 0,640 -0,021 0,060 0,724 -0,001 0,056 0,986 0,085 0,063 0,178 -0,073 0,057 0,201 0,027 0,057 0,637

NEP 0,167 0,139 0,229 -0,069 0,144 0,630 -0,185 0,135 0,171 -0,228 0,149 0,124 0,078 0,137 0,570 -0,199 0,137 0,147

AC 0,140 0,075 0,063 0,077 0,076 0,314 0,209 0,075 0,005 0,215 0,083 0,009 0,135 0,075 0,073 0,167 0,076 0,028

Trust G 0,020 0,042 0,639 0,037 0,043 0,390 0,017 0,040 0,664 0,086 0,043 0,047 -0,024 0,042 0,569 0,102 0,041 0,013

Trust Int 0,053 0,042 0,213 0,019 0,044 0,658 0,020 0,041 0,633 -0,052 0,045 0,248 0,027 0,042 0,518 0,001 0,042 0,987

ARI 0,011 0,061 0,857 0,022 0,063 0,724 0,052 0,057 0,367 -0,062 0,065 0,338 0,161 0,060 0,007 -0,044 0,059 0,452

ARS 0,363 0,106 0,001 0,532 0,107 0,000 0,261 0,107 0,015 0,173 0,115 0,131 0,269 0,106 0,012 0,296 0,108 0,006

PN 0,170 0,095 0,076 0,115 0,096 0,229 0,111 0,095 0,244 0,170 0,104 0,103 0,072 0,096 0,454 0,075 0,095 0,429

State1 -0,005 0,057 0,924 0,001 0,059 0,985 0,072 0,058 0,212 0,114 0,063 0,069 -0,016 0,057 0,781 0,087 0,058 0,133

State2 0,037 0,049 0,449 0,071 0,049 0,146 0,069 0,046 0,136 0,107 0,051 0,037 -0,002 0,049 0,967 0,113 0,048 0,018

Male=1 -0,266 0,159 0,094 -0,148 0,161 0,357 -0,086 0,154 0,575 -0,151 0,166 0,365 -0,216 0,159 0,174 -0,067 0,155 0,666

Education lower secondary -0,129 0,321 0,688 0,087 0,319 0,785 -0,486 0,329 0,140 -0,340 0,349 0,329 -0,516 0,333 0,122 0,023 0,326 0,944

Education upper secondary -0,192 0,295 0,516 0,110 0,291 0,706 -0,647 0,304 0,033 -0,541 0,324 0,095 -0,193 0,309 0,532 -0,348 0,300 0,246

Education tertiary 0,070 0,296 0,814 0,322 0,293 0,272 -0,678 0,304 0,026 -0,279 0,319 0,382 -0,207 0,308 0,502 -0,167 0,300 0,579
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Table 10: Multivariate probit results for perceived effectiveness in the Czech Republic (imputed data) 

 

 

 

 

Coef SE P>|z| Coef SE P>|z| Coef SE P>|z| Coef SE P>|z| Coef SE P>|z| Coef SE P>|z|

Const. -0,293 0,710 0,680 -0,393 0,572 0,492 0,513 0,544 0,346 -0,145 0,460 0,753 -0,954 0,520 0,066 -0,881 0,505 0,081

Age -0,010 0,006 0,100 0,004 0,004 0,413 -0,006 0,004 0,165 0,000 0,003 0,890 0,005 0,004 0,221 0,001 0,004 0,783

Income 0,000 0,000 0,920 0,000 0,000 0,051 0,000 0,000 0,758 0,000 0,000 0,399 0,000 0,000 0,293 0,000 0,000 0,688

Altruistic -0,117 0,056 0,038 0,016 0,048 0,737 -0,003 0,045 0,950 0,059 0,038 0,122 -0,031 0,044 0,475 -0,005 0,043 0,913

Biospheric -0,001 0,057 0,985 -0,032 0,045 0,474 -0,044 0,044 0,316 -0,049 0,036 0,181 -0,015 0,042 0,725 -0,045 0,041 0,275

Egoistic -0,054 0,052 0,293 -0,046 0,043 0,276 -0,076 0,040 0,054 -0,044 0,033 0,181 0,009 0,038 0,802 0,009 0,037 0,795

NEP 0,130 0,107 0,224 0,076 0,090 0,399 0,162 0,086 0,060 0,153 0,072 0,033 0,043 0,081 0,595 0,156 0,080 0,052

AC -0,069 0,063 0,277 -0,048 0,051 0,338 -0,158 0,046 0,001 -0,082 0,039 0,036 -0,028 0,045 0,531 -0,073 0,044 0,099

Trust G -0,064 0,053 0,229 -0,097 0,037 0,009 -0,077 0,036 0,032 -0,036 0,028 0,195 0,009 0,031 0,778 -0,064 0,033 0,052

Trust Int -0,106 0,047 0,026 -0,014 0,033 0,686 -0,039 0,032 0,230 -0,063 0,026 0,015 -0,043 0,030 0,153 -0,045 0,030 0,131

ARI 0,001 0,049 0,979 0,031 0,039 0,432 -0,014 0,038 0,708 -0,032 0,030 0,293 -0,016 0,035 0,649 0,064 0,035 0,069

ARS -0,140 0,071 0,048 -0,042 0,057 0,466 -0,123 0,055 0,026 -0,088 0,047 0,063 -0,090 0,052 0,085 -0,156 0,051 0,002

PN 0,058 0,071 0,420 -0,155 0,055 0,005 0,018 0,056 0,750 0,056 0,048 0,245 0,009 0,053 0,859 0,025 0,052 0,633

State1 0,101 0,045 0,026 0,004 0,033 0,907 0,014 0,032 0,669 -0,050 0,025 0,049 0,048 0,031 0,124 0,019 0,029 0,529

State2 -0,009 0,038 0,820 -0,020 0,030 0,513 -0,033 0,029 0,253 -0,030 0,024 0,215 -0,022 0,027 0,418 -0,004 0,027 0,885

Male=0 (ref)

Male=1 -0,102 0,157 0,516 -0,230 0,123 0,060 -0,300 0,116 0,009 -0,438 0,095 0,000 -0,154 0,110 0,160 -0,110 0,106 0,296

Education primary (ref)

Education lower secondary -0,139 0,203 0,493 0,108 0,170 0,524 0,077 0,153 0,614 -0,036 0,132 0,786 0,058 0,146 0,690 -0,099 0,150 0,510

Education upper secondary -0,134 0,204 0,511 -0,029 0,180 0,873 -0,104 0,160 0,515 -0,012 0,134 0,930 -0,192 0,157 0,221 -0,087 0,152 0,567

Education tertiary -0,296 0,272 0,276 0,047 0,199 0,815 -0,397 0,211 0,060 0,162 0,147 0,272 -0,096 0,177 0,588 0,371 0,158 0,019

Wald

Log likelihood

Tech standards Subsidies energy Taxes ETS Remove harmful Information

Czech Republic (n=1403)

238,0

-1810,0
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Table 11: Multivariate probit results for perceived effectiveness in the United Kingdom (imputed data) 

 

 

 

 

Coef SE P>|z| Coef SE P>|z| Coef SE P>|z| Coef SE P>|z| Coef SE P>|z| Coef SE P>|z|

Const. 0,535 0,661 0,418 0,111 0,631 0,861 -0,761 0,627 0,225 -0,443 0,547 0,418 -0,896 0,581 0,123 0,368 0,560 0,510

Age -0,001 0,005 0,820 0,013 0,005 0,010 0,013 0,005 0,009 0,016 0,004 0,000 0,011 0,005 0,022 0,000 0,004 0,958

Income 0,000 0,000 0,047 0,000 0,000 0,604 0,000 0,000 0,159 0,000 0,000 0,909 0,000 0,000 0,390 0,000 0,000 0,084

Altruistic 0,039 0,059 0,504 -0,057 0,059 0,333 0,065 0,058 0,263 0,146 0,049 0,003 0,119 0,055 0,030 0,034 0,050 0,487

Biospheric 0,119 0,061 0,052 0,156 0,060 0,009 0,165 0,059 0,005 -0,006 0,049 0,896 0,058 0,054 0,282 0,104 0,052 0,046

Egoistic -0,210 0,056 0,000 -0,063 0,053 0,239 -0,095 0,051 0,065 -0,123 0,044 0,005 -0,073 0,048 0,124 -0,185 0,046 0,000

NEP 0,157 0,113 0,163 -0,063 0,114 0,579 -0,009 0,109 0,932 0,262 0,094 0,006 0,197 0,099 0,046 0,261 0,096 0,007

AC -0,167 0,069 0,015 -0,096 0,065 0,138 -0,124 0,061 0,043 -0,115 0,056 0,039 -0,227 0,058 0,000 -0,192 0,058 0,001

Trust G -0,017 0,043 0,685 -0,093 0,040 0,022 -0,018 0,038 0,624 -0,021 0,032 0,509 -0,024 0,035 0,484 -0,019 0,034 0,569

Trust Int -0,057 0,040 0,155 -0,036 0,039 0,347 -0,063 0,037 0,086 -0,051 0,032 0,115 -0,035 0,035 0,311 -0,061 0,033 0,066

ARI 0,016 0,050 0,755 0,031 0,048 0,511 0,046 0,045 0,310 -0,034 0,040 0,387 0,035 0,043 0,414 0,034 0,041 0,413

ARS -0,062 0,081 0,449 -0,053 0,081 0,509 -0,003 0,078 0,971 -0,092 0,069 0,182 -0,055 0,076 0,470 -0,147 0,071 0,039

PN -0,295 0,073 0,000 -0,172 0,069 0,013 -0,250 0,068 0,000 -0,177 0,063 0,005 -0,219 0,065 0,001 -0,113 0,065 0,085

State1 -0,009 0,042 0,827 -0,031 0,042 0,457 -0,030 0,040 0,456 -0,095 0,034 0,006 -0,017 0,039 0,659 -0,089 0,035 0,012

State2 -0,019 0,038 0,610 -0,073 0,037 0,049 -0,041 0,036 0,257 -0,069 0,032 0,029 -0,017 0,034 0,613 -0,058 0,032 0,072

Male=0 (ref)

Male=1 -0,094 0,145 0,516 -0,033 0,137 0,809 -0,014 0,133 0,917 -0,238 0,113 0,036 -0,108 0,124 0,381 -0,068 0,117 0,564

Education primary (ref)

Education lower secondary -0,092 0,180 0,609 0,096 0,170 0,571 -0,319 0,175 0,068 -0,002 0,146 0,990 0,116 0,155 0,455 -0,218 0,157 0,166

Education upper secondary -0,328 0,295 0,267 -0,405 0,321 0,207 0,045 0,228 0,842 -0,084 0,215 0,696 0,242 0,213 0,257 -0,225 0,222 0,311

Education tertiary -0,125 0,185 0,500 0,101 0,184 0,583 -0,053 0,173 0,760 0,091 0,150 0,544 -0,044 0,177 0,803 0,113 0,150 0,453

Wald

Log likelihood

Remove harmful Information

United Kingdom (n=1129)

293,9

Tech standards Subsidies energy Taxes ETS

-1075,9
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Table 12: Multivariate probit results for perceived effectiveness in Poland (imputed data) 

 

 

 

Coef SE P>|z| Coef SE P>|z| Coef SE P>|z| Coef SE P>|z| Coef SE P>|z| Coef SE P>|z|

Const. -0,710 0,985 0,471 -1,421 0,818 0,082 0,332 0,629 0,597 -1,647 0,505 0,001 -0,561 0,583 0,336 -0,445 0,612 0,467

Age 0,011 0,008 0,152 0,005 0,007 0,442 -0,003 0,005 0,521 0,006 0,004 0,150 -0,006 0,005 0,197 -0,004 0,005 0,414

Income 0,000 0,000 0,531 0,000 0,000 0,411 0,000 0,000 0,747 0,000 0,000 0,818 0,000 0,000 0,371 0,000 0,000 0,116

Altruistic 0,125 0,098 0,206 0,098 0,082 0,233 0,052 0,063 0,411 0,084 0,052 0,107 0,144 0,061 0,018 0,089 0,063 0,153

Biospheric -0,014 0,089 0,873 -0,039 0,076 0,608 0,035 0,060 0,565 0,053 0,050 0,283 -0,031 0,054 0,569 -0,068 0,061 0,268

Egoistic 0,037 0,079 0,640 0,045 0,069 0,510 0,019 0,051 0,707 -0,082 0,039 0,038 0,010 0,047 0,827 -0,095 0,053 0,072

NEP 0,086 0,172 0,617 0,351 0,158 0,026 0,015 0,116 0,898 0,214 0,090 0,018 0,141 0,105 0,179 0,243 0,117 0,039

AC -0,255 0,082 0,002 -0,107 0,074 0,150 -0,202 0,059 0,001 -0,122 0,047 0,010 -0,133 0,055 0,016 -0,193 0,061 0,002

Trust G -0,072 0,062 0,245 -0,060 0,054 0,266 -0,106 0,041 0,009 -0,017 0,030 0,579 -0,057 0,038 0,140 0,039 0,043 0,358

Trust Int 0,028 0,060 0,633 -0,037 0,051 0,466 -0,026 0,037 0,480 0,000 0,029 0,997 -0,020 0,035 0,566 -0,083 0,042 0,046

ARI 0,087 0,077 0,258 0,066 0,067 0,320 0,091 0,053 0,087 0,092 0,039 0,019 0,005 0,047 0,914 0,107 0,053 0,046

ARS -0,426 0,127 0,001 -0,343 0,105 0,001 -0,258 0,081 0,001 -0,176 0,068 0,010 -0,189 0,076 0,013 -0,183 0,079 0,021

PN 0,127 0,119 0,286 -0,015 0,103 0,884 0,110 0,081 0,173 0,100 0,067 0,134 0,111 0,077 0,149 0,041 0,081 0,615

State1 -0,080 0,063 0,206 -0,089 0,054 0,098 -0,135 0,045 0,003 -0,039 0,037 0,294 -0,064 0,043 0,141 -0,030 0,047 0,529

State2 -0,142 0,064 0,026 0,015 0,052 0,777 0,077 0,044 0,078 -0,068 0,031 0,026 -0,060 0,037 0,108 -0,058 0,042 0,164

Male=0 (ref)

Male=1 0,300 0,233 0,198 -0,315 0,194 0,105 -0,189 0,145 0,193 -0,169 0,112 0,131 -0,153 0,136 0,260 -0,155 0,152 0,307

Education primary (ref)

Education lower secondary 0,339 0,352 0,335 -0,171 0,281 0,542 -0,320 0,204 0,118 -0,249 0,162 0,124 -0,290 0,199 0,146 -0,310 0,212 0,144

Education upper secondary 0,376 0,356 0,290 0,031 0,276 0,910 -0,202 0,201 0,314 -0,065 0,163 0,690 0,002 0,189 0,993 -0,106 0,209 0,611

Education tertiary 0,287 0,383 0,453 0,056 0,295 0,849 -0,120 0,216 0,579 -0,018 0,179 0,921 0,003 0,209 0,990 -0,096 0,226 0,670

Wald

Log likelihood

Poland (n=1037)

240,0

Tech standards Subsidies energy Taxes ETS Remove harmful Information

-972,2


